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Assessment of Wind Parameter Sensitivity on Ultimate and 
Fatigue Wind Turbine Loads 

Amy N. Robertson,* Latha Sethuraman,† Jason Jonkman,‡ Julian Quick§ 
National Renewable Energy Laboratory, Golden, CO , 80401 

Wind turbines are designed using a set of simulations to ascertain the structural loads 
that the turbine could encounter. While mean hub-height wind speed is considered to vary, 
other wind parameters—such as turbulence spectra, sheer, veer, spatial coherence, and 
component correlation—are fixed or conditional values that, in reality, could have different 
characteristics at different sites and have a significant effect on the resulting loads. This 
paper therefore seeks to assess the sensitivity of different wind parameters on the resulting 
ultimate and fatigue loads on the turbine during normal operational conditions. Eighteen 
different wind parameters are screened using an Elementary Effects approach with radial 
points. As expected, the results show a high sensitivity of the loads to the turbulence 
standard deviation in the primary wind direction, but the sensitivity to wind shear is often 
much greater. To a lesser extent, other wind parameters that drive loads include the 
coherence in the primary wind direction and veer. 

I. Introduction
ind turbines are designed using the International Electrotechnical Commission (IEC) 61400-1 standard,1 
which prescribes a set of simulations to ascertain the ultimate and fatigue loads that the turbine could 
encounter under a variety of environmental and operational conditions. In the simulation prescription, a range 

of mean hub-height wind speeds are considered, but other wind parameters—such as the turbulence spectra, sheer, 
veer, spatial coherence, and component correlation—are fixed values that remain constant across all simulations,** 
or are conditioned only on wind speed,†† the IEC classification of turbulence, and/or hub height. These other wind 
parameters, however, could have different characteristics at different sites and under different atmospheric 
conditions, which could potentially have a significant effect on the resulting loads the turbine could see. Therefore, 
this paper seeks to assess the sensitivity of different wind parameters on the resulting loads of the wind turbine, to 1) 
rank the sensitivities of different parameters, 2) help establish error bars around the predictions of engineering 
models during validation efforts, and 3) provide insight to probabilistic design methods and site-suitability analyses. 
 Other researchers have examined the influence of wind characteristics on turbine load reponse, considering 
differing wind parameters and turbulence models, and using different methods to assess their sensitivity. The most 
common parameter considered is the influence of turbulence intensity variability, which all researchers show to have 
significant variability and large impact on the turbine response.2-16 The shear exponent, or wind profile, is the next 
most common parameter examined, concluded to have similar or slightly less importance to the turbulence 
intensity.3,5,6,9,10,13-15,17 Other parameters investigated include the turbulence length scale, standard deviation of 
different directional wind components, Richardson number, spatial coherence, component correlation, and veer.  
Mixed conclusions are drawn on the importance of these secondary parameters, which are influenced by the range of 
variability considered (based on the conditions examined), the turbine control system, as well as the turbine size and 
hub height under consideration. The effects of considering the secondary wind parameters are also mixed, 
sometimes increasing and sometimes decreasing the loads in the turbine; however, most agree that the use of site-
specific measurements of the wind parameters will lead to a more accurate assessment of the turbine loads, resulting 
in designs that are either better optimized or lower risk. 
 Another approach used by many researchers is to examine how the stability of the atmosphere affects the loading 
conditions, which dictate the correlation between the individual atmospheric parameters for each stability condition 
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† Post Doctorate, National Renewable Energy Laboratory, 15013 Denver West Parkway, Golden, CO 80401
‡ Senior Engineer, National Renewable Energy Laboratory, 15013 Denver West Parkway, Golden, CO 80401
§ Research Associate, National Renewable Energy Laboratory, 15013 Denver West Parkway, Golden, CO 80401
** For example, the power-law shear exponent is taken to be 0.2 for the normal wind profile.
†† For example, the turbulence standard deviation in the primary wind direction is taken to be the 90% quantile for
the given hub-height wind speed based on an assumed log-normal distribution of turbulence.

W 



2 

This report is available at no cost from the National Renewable Energy Laboratory (NREL) at www.nrel.gov/publications. 

and also different models of the turbulence and shear.2,3,6,9,18,19 Holtslag et al.2 conclude that the IEC standards have 
the potential to overestimate fatigue loads from unrealistic combinations of shear and turbulence, but also 
underestimate loads by neglecting the assessment of strongly unstable conditions. They propose a computationally 
efficient approach of simulating the most probable stability condition for each wind speed bin as an improvement 
over the present IEC methodology. 
 Our concern in this paper is to obtain a thorough assessment of which wind characteristics influence wind 
turbine structural loads. Our approach does not consider the correlated dependency between the individual 
parameters; rather, we focus on assessing the sensitivity of each parameter individually (but interactions between 
individual parameters are also considered, which is further discussed below). This is a first step in understanding 
what modifications might be needed to present design loads analysis or site-suitability methods and could inform 
how error bars are established on model predictions in future validation efforts. By understanding which wind 
parameters actually have an influence on response, we can then consider the best way to address the influence of 
their variation or uncertainty. 
 The remainder of the paper is organized as follows. Section II summarizes the different wind parameters 
considered in this study and prescribes a range over which they will be varied. Section III presents the methodology 
used to screen which of these parameters have a significant effect on key wind turbine response loads. Section IV 
then describes the steps used (and associated details) to conduct the simulations needed for the analysis. Finally, 
Sections V and VI present the results of the sensitivity analysis and the conclusions that were drawn. 

II. Wind Parameter Description 
 The first step in this work is to determine the relevant wind parameters that will be used to represent the variety 
of inflow conditions that a turbine can encounter during operation. We have chosen to use the Veers model for 
describing and generating the wind characteristics because it provides a quantitative description with a known and 
limited set of parameters. Based on this model, 18 different wind parameters (Table 1) are used to parameterize the 
following wind characteristics: (A) mean wind profile, (B) velocity spectrum, (C) point-to-point spatial coherence, 
and (D) component-to-component correlations. For simplicity, we assume that these 18 parameters are independent 
of one another. 
 The parameters are only conditioned on mean wind speed at hub height, and their range (summarized in Section 
E) is specified based on a categorization in below-rated, near-rated, or above-rated wind regions. The sensitivity 
analysis will be run three separate times across these three separate wind regions, assuming a mean wind speed 
within each bin (8, 12, and 18 m/s). No specific site is considered; rather, the parameter ranges are chosen to span a 
large sampling of potential wind turbine locations. TurbSim20 is used to generate the turbulent wind time series 
based on the parameters chosen. 

A. Mean Wind Profile 
A standard power-law shear model is used to describe the vertical wind speed profile and a linear wind direction 

veer model is used. The sensitivity of these characteristics are captured through variation of the exponent of the 
shear, α, and the total veer (in degrees) across the turbine, β (centered around the hub) (red highlight indicates the 
individual parameters that will be investigated). 

B. Velocity Spectrum 
The Veers model uses a Kaimal spectrum to represent the turbulence, which differs slightly from the other 

commonly used Mann turbulence model (see below). The Kaimal spectrum is defined as:1 

 2 5/3
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where f is the frequency (Hz), q is the index of the velocity component direction (u, v, w), Sq is the single-sided 
velocity spectrum, Vhub is the mean wind speed at hub height, σq is the velocity component standard deviation, and 
Lq is the velocity component integral scale parameter. The IEC 61400-1 standard1 suggests using a set scaling 
between the direction components of the standard deviation and scale parameters, but for our study we will vary 
each of these parameters in (u, v, w) independently. 

An inverse Fourier transform is applied to the Kaimal spectrum to derive a turbulent time series for each of the 
wind components independently. Note that this is different from the Mann model (also considered in the IEC 61400-
1 standard), which is based on a three-dimensional tensor representation of the turbulence derived from rapid 
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distoration of isotropic turbulence using a uniform mean velocity shear.21 The Mann model considers the three 
turbulence components as dependent, representing the correlation between the longitudinal and vertical components 
resulting from the Reynolds stresses. In the IEC 61400-1 standard, the two spectra (Mann and Kaimal) are equated, 
resulting in three parameters that may be set for the Mann model. However, there is uncertainty in whether the loads 
resulting from these two different turbulence spectra are truly consistent. 

C. Spatial Coherence Model 
The point-to-point spatial coherence (Coh) quantifies the frequency-dependent cross-correlation of a single 

turbulence component at different points in the wind inflow grid. The general coherence model used in TurbSim, 
which includes all three directions of the velocity components, q = u, v, w, is defined as: 

 ( )
2

2

, , exp
qi j f q q

m m

d fdCoh a b d
z u

γ     = − +        

, (2) 

where f is the frequency, d is the distance between points i and j, zm is the mean height of the two points, and um is 
the mean of the wind speeds of the two points.‡‡  The variables aq and bq are, respectively, the input coherence 
decrement and offset parameter (for each velocity component, q). The model is based on the IEC coherence model 
with the added term, ( )/ md z γ , introduced by Solari,12 where γ can vary between 0 and 1. 

D. Component Correlation Model 
The component-to-component correlation (PC) quantifies the cross-correlation between directional turbulence 

components at a single point in space. For instance, PCuw quantifies the correlation between the u and w turbulence 
components at a given point. TurbSim modifies the v- and w-component wind speeds by computing a linear 
combination of the time series of the three independent wind speed components to obtain the mean Reynolds 
stresses, PCuw,  PCuv,  PCvw, at the hub. Note that because this calculation occurs in the time domain, the velocity 
spectra of the v- and w-components are somewhat affected by the enforced component correlations. 

E. Parameter Ranges 
The ranges considered for each of these 18 parameters within the three different wind speed bins are summarized 

in Table 1. For some parameters, no information was found on their dependence on wind speed, so the same values 
are used in all three bins. The ranges are taken from multiple sources2-34 (those references driving the extremes of 
the range are cited below the values), largely based on measurements across a variety of different locations and 
conditions, to determine the entire range over which these parameters may realistically vary. Each parameter is 
considered independently, except for the conditioning on wind speed bin; therefore, some improbable or impossible 
combinations of parameters may arise.  The focus here, however, is to get an assessment of how sensitive wind 
turbine loads are to the variation of these parameters—such that we can decide whether it is appropriate to choose a 
set value during load calculations or to examine the parameter in greater detail in the future. Future work will 
examine those parameters that are down-selected as sensitive in order to better understand the dependencies between 
these parameters. 

Some issues were encountered in performing simulations across the ranges of the parameters shown in Table 1.  
One issue was that some of the coherence matrices generated within Turbsim could not be decomposed (Cholesky 
factorization failed) for large shear values, α. This issue was addressed by modifying the coherence definition in Eq. 
2 to consider the wind speed at the hub height (Vhub) rather than the average of the wind speed across the two points 
(um). This correction was determined to be acceptable because velocity spectra are assumed to be constant with 
height anyway. Another issue encountered was that at extremely negative values of the shear exponent, α, tower 
blade strikes would often occur. To eliminate this issue, the minimum value of α was changed to -0.75 from -1.5. 
This change leads to a reduction of the overall range of the parameter, which could potentially lead to a reduced 
sensitivity. But, multiple studies have shown a large sensitivity of turbine loads to shear value; therefore, we do not 
believe this reduction in range will lead to a different conclusion. 

                                                           
‡‡ To avoid numerical issues, um was changed to Vhub; see Section II.E. 
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Table 1. Parameter ranges for the three different wind speed bins (below, near, and above rated) 
 α β 

(deg) 
Lu 
(m) 

Lv 
(m) 

Lw 
(m) 

σu 
(m/s) 

σv 
(m/s) 

σw 
(m/s) 

au av aw bu bv bw γ PCuw 
(m2/s2) 

PCuv 
(m2/s2) 

PCvw 
(m2/s2) 

Below-rated wind speed, 3-10 m/s 
Min -1.5* -25 5 2 2 0.05 0.02 0.03 1.5 1.7 2 0 0 0 0 -3.5 -4.5 -2.7 
Max 3.3 50 1,000 1,000 650 7.2 7.4 4.5 26 18 17 0.08 4.5E-3 0.011 1 0.50 6.0 1.0 
Ref. 22 13 6,12 6 6,23  22 22 20,21,22 24 25 12,24 25 20 20 24 21 21 21 

Near-rated wind speed, 10-14 m/s 

Min -0.4 -10 8 2 2 0.20 0.05 0.05 1.5 1.7 2 0 0 0 0 -3.5 -4.5 -2.7 
Max 0.9 50 1,400 1,300 450 7.3 8.1 4.3 26 18 17 0.08 3.0E-3 6.0E-3 1 0.50 6.0 1.0 
Ref. 26,24 13,24 6,12 6 6 24,21,22 21,22 20,21,22 24 25 34,24 25 20 20 24 21 21 21 

Above-rated wind speed, 14-25 m/s 

Min -0.4 -10 25 2 2 0.20 0.18 0.15 1.5 1.7 2 0 0 0 0 -3.5 -4.5 -2.7 
Max 0.7 25 1,600 1,500 650 7.4 7.3 4.2 26 18 18 0.05 2.5E-3 6.5E-3 1 0.50 6.0 1.0 
Ref. 26,24 13,24 6,25 6 6 20,24,21, 

22 21,22 20,21,22 24 25 12,20 25 20 20 24 21 21 21 

* This value was changed to -0.75 due to simulation issues 

III. Sensitivity Analysis Procedure 
Now that the wind parameters of interest have been identified, we need to define a procedure for assessing their 

sensitivity on the response loads of a wind turbine during operation. A common approach is the calculation of the 
Sobol sensitivity,16 which decomponses the variance of the response into fractions that can be attributed to different 
input parameters and parameter interactions. The drawback of this method is its large computational expense, which 
requires a Monte Carlo analysis to calculate the sensitivity. To decrease the computational expense, one approach is 
to use a meta-model, which is a lower-order, surrogate model that is trained on a subset of simulations to act 
similarly to the original, more computationally expensive model. Some researchers in the wind field have used this 
approach, 4,6,22,22, but we are concerned with the complexity of the wind turbine model and associated quantities of 
interest, especially the system nonlinearities and interaction of the controller for extreme (unlikely) events—and 
therefore, the ability to accurately represent it with a meta-model. Another approach to reduce computational 
expense is to use variance-reduction methods to improve the Monte Carlo sampling. Latin hypercube sampling7,34,35 
and fractional factorial analysis36 are some examples. These methods were considered for this application, but with 
the large number of parameters being examined, these approaches are still too expensive. Instead, we used a 
screening method, which provides a sensitivity measure that is not a direct estimate of the variance; rather, it 
supplies a ranking of those parameters with the most influence. One of the most commonly used screening 
approaches is called Elementary Effects analysis.37-43  

A. Overview of Elementary Effects 
Elementary Effects (EE) at its core is a very simple methodology for screening parameters. It is based on the 

one-at-a-time approach in that each parameter of interest is varied individually while holding all other parameters 
fixed. A derivative is then calculated based on the level of change in the response of interest to the change in the 
input parameter. Approaches such as these are called local-sensitivity approaches because they only calculate the 
influence of a single parameter, and they do not consider how the other parameters interact with the response. But, 
EE extends this process by examining the change in response for a given input parameter at different locations in the 
input parameter hyperspace. In other words, only one parameter is varied at a time, but this variation is performed 
multiple times using different values for the other input parameters. The derivatives calculated from these different 
points are then averaged to assess an overall level of sensitivity. Thus, the EE method considers the interactions 
between different parameters and is therefore considered a global sensitivity analysis method. 

The basic approach for performing an EE analysis has been modified over the years to ensure that the input 
hyperspace is being adequately sampled and to eliminate issues that might confound the sensitivity assessment. In 
this work, we have chosen to use 1) Sobol random numbers to determine the initial points at which the derivatives 
will be calculated, which ensures a wide sampling of the input hyperspace, and 2) a radial approach rather than the 
traditional trajectories for varying all of the parameters, which has been shown to improve the efficiency of the 
method.44 

We are interested in understanding the sensitivity of a response load of a wind turbine, Y, to different 
characteristics of the wind, X (matrix of input parameters): 
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 1 2 3( , , ,... )kY f X X X X= , (3) 

where k is the total number of input parameters (in this case k = 18). All input parameters are normalized between 
zero (their minimum value) and one (their maximum value). 

For a given sampling of X, (x1, x2, …, xk), the elementary effect of the ith input parameter is found by varying 
only that parameter by a normalized amount ∆: 

 1 1 1 1 2( ,..., , , ,..., ) ( , ,..., )i i i k k
i

Y x x x x x Y x x xEE − ++ ∆ −
=

∆
. (4) 

Typically, ∆ is kept the same for each parameter, but a variable value can also be used, as discussed later in this 
section. Because of the normalization of X, the elementary effect (EEi) can be thought of as the local partial 
derivative of the output (Y) with respect to the input (xi) multiplied by the total maximum-to-minimum range of the 
input.  Thus, the elementary effect has the same units as the output. 

In a radial sensitivity approach, EE is calculated for each of the parameters for a given sample point by varying 
each of the parameters individually from that point. (This is different than the original EE methodology, which 
creates a trajectory by varying each new parameter from the ∆ point of the previous parameter.) This process is 
repeated for r starting points in the input parameter hyperspace, creating a set of r-different calculations of EE for 
each parameter. 

The overall influence of a parameter, i, is then estimated as the mean of the absolute value of the elementary 
effects at the r different locations: 

 *

1

1 r
j

i i
j

EE
r

µ
=

= ∑ . (5) 

In addition, the interaction effects from other input parameters is estimated as the standard deviation of the 
individual EE estimates: 

 2

1

1 ( )
( 1)

r
j

i i i
j

EE
r

σ µ
=

= −
− ∑ , (6) 

where iµ  is the mean of the elementary effects without the absolute value taken. 
 There are many different ways to choose the starting points at which EE is calculated. The original approach was 
to use a random sampling; however, this does not ensure a good coverage of the input hyperspace. Another approach 
involves using Latin hypercube sampling, and Campolongo et al.45 suggest using Sobol quasi-random numbers 
instead. We initially chose to use the Campolongo approach, which generates a quasi-random matrix of Sobol 
numbers of size (r+4,2k) from which the first four rows of the right half of the matrix are discarded (and the 
remaining rows shifted up). The left half of the first r rows are then used as the r different starting locations for the 
EE calculation. The second half of each of these rows defines the auxiliary value ot which each parameter should be 
changed, individually, from the initial starting point on the left half of the row. The Sobol numbers are values 
between 0 and 1 that indicate the normalized value of each input to use. In this approach, the parameters are not 
being varied by the same amount every time to calculate EE, which adds to the robustness of the method. An 
example of the Sobol quasi-random sequence is given in Table 2, showing the first eight points of a 10-dimensional 
sequence. Table 3 then shows how to use this sequence to generate the starting and auxiliary points for an example 
problem with five inputs (k) and eight radial points (r), based on the description above of shifting the right half of 
the matrix up by four rows, and retaining only the first eight rows of the left half of the matrix. 
 However, we encountered issues using this approach. In this study, there are many parameters of interest, and we 
therefore need many different evaluation points to obtain a good assessment of their overall sensitivity. When using 
the Campolongo approach for the EE evaluation with a value of r = 20 points and k = 18 parameters, we found that 
some of the auxiliary points and starting points were the same—thus creating a zero delta (no change). We 
attempted to shift the rows and use other parts of the Sobol sequence, but this issue persisted. We also found that 
some of the delta values in this approach were very small; therefore, the derivatives would sometimes become 
extremely large due to numerical innacuracies. So we decided to retain the Sobol starting points, but choose the 
auxiliary points based on a random selection of delta values between -1 and 1. Difficulties arose from this approach 
as well, because we found that some of the parameter combinations at the extreme edges led to extreme, unnatural 
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loading conditions that the simulations could not resolve. In addition, when a large delta value is used, the derivative 
calculated is assuming a linear relationship over a very large parameter range, which could be very innacurate and 
lead to incorrect sensitivity assessments. 
 Therefore, the final approach chosen for this work was to continue to use the Sobol quasi-random sequence for 
the starting points (as shown in Table 2), but then use only random selections of -0.1 and 0.1 for the deltas, from 
which the auxiliary points are defined and the associated derivatives calculated. This approach allows us to still 
sample a significant part of the hyper-parameter space, but calculate the sensitivities of the parameters in those 
locations in a manner that is consistent with the linear assumptions and that also does not create numerical issues. A 
delta of magnitude 0.1—i.e., 10% of the total maximum-to-minimum range—is expected to be a good compromise 
in terms of not too small to avoid numerical issues and not too large to smooth out nonlinearities. 

 
Table 2. 10-dimensional Sobol quasi-random sequence, first 12 points 
    0.5000    0.5000    0.5000    0.5000    0.5000    0.5000    0.5000    0.5000    0.5000    0.5000 
    0.2500    0.7500    0.2500    0.7500    0.2500    0.7500    0.2500    0.7500    0.7500    0.2500 
    0.7500    0.2500    0.7500    0.2500    0.7500    0.2500    0.7500    0.2500    0.2500    0.7500 
    0.1250    0.6250    0.8750    0.8750    0.6250    0.1250    0.3750    0.3750    0.8750    0.6250 
    0.6250    0.1250    0.3750    0.3750    0.1250    0.6250    0.8750    0.8750    0.3750    0.1250 
    0.3750    0.3750    0.6250    0.1250    0.8750    0.8750    0.1250    0.6250    0.1250    0.8750 
    0.8750    0.8750    0.1250    0.6250    0.3750    0.3750    0.6250    0.1250    0.6250    0.3750 
    0.0625    0.9375    0.6875    0.4375    0.8125    0.0625    0.4375    0.5625    0.8125    0.6875 
    0.5625    0.4375    0.1875    0.9375    0.3125    0.5625    0.9375    0.0625    0.3125    0.1875 
    0.3125    0.1875    0.9375    0.6875    0.5625    0.8125    0.1875    0.3125    0.0625    0.9375 
    0.8125    0.6875    0.4375    0.1875    0.0625    0.3125    0.6875    0.8125    0.5625    0.4375 
    0.1875    0.3125    0.3125    0.5625    0.4375    0.1875    0.0625    0.9375    0.1875    0.0625 
 
Table 3. Elementary Effects sample points for k=5, r=8. Left half of matrix are the starting points and right 
half are the auxiliary points. 
    0.5000    0.5000    0.5000    0.5000    0.5000  |   0.6250    0.8750    0.8750    0.3750    0.1250 
    0.2500    0.7500    0.2500    0.7500    0.2500  |   0.8750    0.1250    0.6250    0.1250    0.8750 
    0.7500    0.2500    0.7500    0.2500    0.7500  |   0.3750    0.6250    0.1250    0.6250    0.3750 
    0.1250    0.6250    0.8750    0.8750    0.6250  |   0.0625    0.4375    0.5625    0.8125    0.6875 
    0.6250    0.1250    0.3750    0.3750    0.1250  |   0.5625    0.9375    0.0625    0.3125    0.1875 
    0.3750    0.3750    0.6250    0.1250    0.8750  |   0.8125    0.1875    0.3125    0.0625    0.9375 
    0.8750    0.8750    0.1250    0.6250    0.3750  |   0.3125    0.6875    0.8125    0.5625    0.4375 
    0.0625    0.9375    0.6875    0.4375    0.8125  |   0.1875    0.0625    0.9375    0.1875    0.0625 
 
B.  Assessment of Sensitivity 
 The EE method enables the screening of the most sensitive parameters by examining *

iµ and iσ . But, with 
increasing sample points (r), the EE method can also provide an estimation of the global sensitivity. Campolongo et 
al.45 suggest using an estimator introduced by Jansen:46 

 ( ) ( )
2

( ) ( ) ( ) ( ) ( ) ( ) ( )
1 2 1 2

1

1( | ) ( , ,... ) ( , ,..., ,..., )
2i

r
j j j j j j j

i X i k i k
j

E V Y y a a a y a a b a
rΧ

=

Χ = −∑: : , (7) 

where a(j) is the jth starting point, b(j) is th jth auxiliary point, iΧ :  is the matrix of all variables but iX , 

( | )
iX iV Y Χ :  is the inner variance, V, of Y taken over all possible values of iX  while keeping iΧ :  fixed, and 

iEΧ:  is the output expectation taken over all possible values iΧ :  

IV. Approach Implemented 
 The following sections describe in more detail the steps of how the Elementary Effects analysis was 
accomplished for our application. 

A. Wind Turbine Model and Tools 
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To examine the sensitivity of each wind parameter on turbine response loads, we need to simulate a wind turbine 
model. We used the NREL 5-MW reference turbine,47 which is a variable-speed, 3-bladed, upwind, horizontal-axis 
turbine with a hub height of 90 m and a rotor diameter of 126 m. By repeating this analysis with other wind turbine 
models, future work could examine how the sensititivity of the parameters on turbine loads is affected by the size of 
wind turbine considered. 

For each of the parameter settings identified with the Elemetary Effects procedure, 30 different turbulent wind 
files (i.e. 30 independent time-domain realizations from 30 seeds) are generated in TurbSim.20 Analysis showed that 
30 wind seeds were needed to get converged statistics for the response of the turbine. A 25 x 25 square grid is used 
that covers the entire rotor plane of the turbine. The aero-servo-elastic tool, FAST (v8), is then used to simulate a 
model of the NREL 5-MW wind turbine using the wind files developed. Aerodynamic drag on the tower is not 
considered because it will be minimal for an operational turbine. BeamDyn, the new module in FAST that allows for 
a finite-element description of the blades, is also not used because the NREL 5-MW turbine does not have the level 
of structural flexibility that warrants a model of this type. Otherwise, all normal aero-servo-elastic features of FAST 
v8 are enabled, including quasi-steady induction, unsteady airfoil aerodynamics; blade, drivetrain, and tower 
structural flexibility; and an active variable-speed and rotor-collective blade-pitch-to-feather controller. 

B. Quantities of Interest 
From the output of the simulations, quantities of interest (QoI) are extracted that capture the variability of the 

turbine response. The QoI chosen for this work are summarized in Table 4 and include the blade, drivetrain, and 
tower loads, as well as the blade-tip displacement and turbine power output. Both the ultimate and fatigue loads are 
considered. The ultimate loads are estimated using the average of the global absolute maximums across all 
turbulence seeds for a given set of parameter values, whereas the fatigue loads are estimated using the average of the 
standard deviations of the output response across all seeds for a given set of parameter values. For the bending 
moments, the ultimate loads are calculated as the largest vector sum of the first two components listed, rather than 
considering each individually. 

Table 4. Quantities of interest to be examined in sensitivity analysis 

Quantity of Interest Component 

  
Blade-root moments Out-of-plane bending In-plane bending Pitching moment 
Low-speed shaft moments at main 
bearing 0-degree bending 90-degree bending Shaft torque 

Tower-top moment Fore/aft bending Side/side bending Yaw moment 
Tower-base moment Fore/aft bending Side/side bending  
Out-of-plane blade-tip 
displacement Just for ultimate   

Electrical power    

C. Sensitivity Analysis 
The wind turbine parameter settings for each simulation are prescribed by the Elementary Effects approach. For 

our analysis, we are examining 18 parameters (k), and we have chosen to initially use 20 different starting points (r).  
The choice of the number of starting points is subjective; a high number was chosen in hopes of capturing a good 
estimate of the sensitivity of each parameter. However, examination of the convergence of the sensitivity showed 
that more points were needed, and so, a total of 30 points were used in this analysis. Additionally, 30 different 
turbulence seeds (s) are simulated for each parameter space sampling, and the sensitivity analysis is conducted for 
each of the three wind speed bins (ws). Thus, the total number of simulations performed is r*(k+1)*s*ws = 
30*19*30*3 = 51,300, with a simulation time of 10 minutes each (after 30 s of start-up transient time is removed). 

A different turbulent wind file is generated for each of these simulations, using a sampling of the different wind 
parameters prescribed by the EE procedure introduced above. The remainder of the settings are the same for each 
simulation, with the exception of the mean wind speed for the three bins, and the associated initial rotor speed and 
pitch settings. For each QoI, the elementary effects of the input parameters is calculated (Eq. 4), along with the mean 
(Eq. 5) and standard deviation (Eq. 6) of the elementary effects across each of the radial points evaluated. 
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V. Results 
The results of the sensitivity analysis are summarized through plots of the standard deviation of the elementary 

effects calculated at the 30 different Sobol point locations against the mean of the elementary effects across those 
same points. The mean value indicates the sensitivity of a parameter, whereas the standard deviation shows the 
variability in the sensitivity to the value of the parameter, as well as the interaction effects of the other parameters. 
Plotted together, sensitive parameters are identified as those with high mean and/or high standard deviation (those 
outside the lower-left quadrant of each plot). In Figures 2 to 9 of the appendix, these sensitivity plots have been 
created for each wind speed bin, for both ultimate and fatigue loads, and for the 13 outputs summarized in Table 4.  
Figure 1 provides an example histogram of the values for three of the parameters, associated with the absolute 
ultimate blade root pitching moment (from which *

iµ  is derived; iσ  is derived from the histogram without the 
absolute value). 

Note that some issues were encountered for some of the simulation cases. First, one of the Sobol points in wind 
speed bin 3 had persistent issues with the coherence decomposition. Ultimately, we chose to remove this point from 
evaluation, hence decreasing the number of points in wind bin 3 to 29 instead of the 30 original points. Additional 
issues were found for some of the simulations within wind speed bins 2 and 3 under high shear related to excessive 
excitation of the edgewise bending of the blades and poor controller performance. More research is needed to 
understand and eliminate this issue; but in this paper, these simulation cases were simply removed in assessing the 
sensitivity of α, resulting in a total of 30 Sobol points considered for wind speed bin 1, 23 for wind speed bin 2, and 
22 for wind speed bin 3.  This point is very important, since before we removed these simulation cases, instabilities 
in the rotor response were creating very different levels of sensitivities for some parameters—showing the need to 
thoroughly assess the output results being evaluated. 

Tables 5 summarizes the top three most sensitive parameters (from right to left using data outside the lower-left 
quadrant) for each of the sensitivity plots given in Figures 2 to 9. Table 6 then summarizes the total number of times 
that a given parameter is identified as sensitive (outside the lower-left quadrant) across all wind speed bins, outputs, 
and for both fatigue and ultimate loads. It is obvious that, overall, the shear exponent (α) is the most sensitive 

 
Figure 1. Histograms of absolute values of elementary effects of top three parameters on ultimate blade-
root pitching moments in BIN-1 
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parameter across nearly all outputs, and for both ultimate and fatigue load values. The second most sensitive 
parameter is the turbulence standard deviation in the primary wind propogation direction (u-direction), σu. The high 
sensitivities of these two parameters are expected and are consistent with the findings of other researchers and their 
importance in wind turbine design standards. Beyond these two parameters, however, there are parameters that show 
a secondary level of significance that varies across the different outputs. For those outputs associated with the u-
direction of the wind, we see that the parameters associated with the coherence model in the u-direction tend to 
dominate at the secondary level, which includes the au and bu parameters. Wind veer, β, also shows a noticeable 
level of significance at times. 

 
Table 5. Ranking of top parameters identified for each quantity of interest 

Quantities of Interest BIN-1 BIN-2 BIN-3 
Ranking Ranking Ranking 

1 2 3 1 2 3 1 2 3 
I. Blade loads 

 

Ultimate loads 
Blade-root bending moment α - - α - - α - - 
Blade-root pitching moment σu α β σu α Lu σu bw γ 
Blade-tip out of plane deflection α - - α - - α bu - 

Fatigue loads 
Blade-root bending moment (in-plane) - - - - - - α - - 
Blade-root bending moment (out-of-plane) - - - α - - α - - 
Blade-root pitching moment - - - - - - α - - 

II. Drivetrain loads 
Ultimate loads 

Main shaft bending moment α - - α - - α - - 
Rotor torque α σu - - - - σu bw bv 

Fatigue loads 
Main shaft bending moment (0º) - - - α - - α - - 
Main shaft bending moment (90º) - - - α - - α - - 
Rotor torque σu α bu α σu bu σu α - 

III. Tower loads 
Ultimate loads 

Tower-top bending moment - - - α - - α - - 
Tower-top yaw moment σu α - α σu - α σu bu 

Tower-base bending moment σu α - α  - bu σu α 
Fatigue loads 

Tower-top bending(fore-aft) moment σu α bu α σu bu σu - - 
Tower-top bending (side-side) moment σu α - σu - - σu β bu 

Tower-top yaw moment σu - - σu - - σu bu β 
Tower-base bending(fore-aft) moment - - - - - - σu Lu bu 

Tower-base bending (side-side) moment α σu - σu α - bu σu Lu 
IV. Electrical power 

Ultimate 
Electrical power α - - - - - - - - 

Fatigue 
Electrical power α bu au α bu β - - - 

 
No significant levels of sensitivity—except for the blade-root ultimate pitching moment and rotor torque—are 

noted for the cross-correlation components between the turbulence in different directions at a given point (PC), the 
integral length scale, or the off-axis (v and w) components of the turbulence and coherence. However, the strong 
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sensitivity of the two largest parameters (especially shear) could mask the levels of sensitivity of some of these other 
parameters. So a useful next step could be to re-run these simulations at a fixed value of shear and turbulence 
intensity in the u-direction to more closely examine the sensitivity of the other parameters without the overriding 
influence of shear and σu 

In general, the sensitivity ranges for both the ultimate and fatigue loads increase with increasing wind speed bin. 
The exception to this trend is electrical power, in which the highest wind speed bin has the lowest levels of 
sensitivity (due to the regulation of power by the controller).  

To ensure the significance of a parameter, we also need to make sure that the sensitivity estimates have 
sufficiently converged. Although the elementary effects is not a true sensitivity value, the mean of the elementary 
effects is an indicator of the sensitivity, and Equation 7 provides a sensitivity estimate. Figures 10 and 11 (in the 
Appendix) show the convergence rate of both the EE mean and sensitivity estimate for the blade-root ultimate 
pitching moment and rotor torque fatigue, across the top three most sensitive parameters. In general, we see a very 
similar rate of convergence for these two different metrics. These convergence plots help us understand whether 
more simulations may be warranted. It has been shown that the radial point method, as used in this paper, has a good 
convergence rate compared to other EE analysis methods. Initially, 20 points were chosen for this analysis, and we 
had to increase the number to 30 due to the lack of convergence. Even now, many of the parameters can still be 
considered unconverged. However, with the large levels of separation in sensitivity between shear and u-direction 
turbulence level as compared to the remainder of the parameters, there is little doubt that these two parameters are 
the most significant. Further analysis by adding more simulations, or removing shear and u-turbulence variability, 
would be useful to better understand the relative level of sensitivity of the secondary parameters identified. 

 
Table 6. Number of appearances of parameters identified for each wind speed bin 

Parameters BIN-1 BIN-2 BIN-3 Total appearances 
Ultimate 

loads 
Fatigue 
loads 

Ultimate 
loads 

Fatigue 
loads 

Ultimate 
loads 

Fatigue 
loads 

Ultimate 
loads 

Fatigue 
loads 

α 8 5 7 7 6 7 21 19 
β 1 2 - 1 2 4 3 7 
Lu - - - - 1 2 1 2 
Lv - - - - - - 0 0 
Lw - - - - - - 0 0 
σu 4 6 2 5 4 6 10 17 
σv - - - - - - 0 0 
σw - - - - - - 0 0 
au - 3 - 1 1 2 1 6 
av - - - - - - 0 0 
aw - - - - - - 0 0 

bu - 3 - 3 3 4 3 10 
bv - - - - 2 - 2 0 

bw - - - - 2 - 2 0 

γ - - - - 2 1 2 1 

PCuw - - - - 2 - 2 0 
PCuv - - - - 2 - 2 0 

PCvw - - - - 2 - 2 0 

VI. Conclusions 
As described in this paper, we performed a screening analysis of the most sensitive wind parameters to the 

resulting loads and power performance for the representative NREL 5-MW wind turbine. The study did not consider 
specific site conditions, but rather, focused on understanding the most sensitive parameters across the range of 
possible values for a variety of sites. To limit the number of simulations required, we used a screening analysis using 
elementary effects, instead of a more computationally intensive sensitivity analysis. Elementery effects are an 
assessment of the local sensitivity of a parameter at a given location in space through variation of only that 
parameter, averaged over multiple points throughought the parameter hyperspace. To speed convergence, we 
applied a modification of the standard elementary effects approach using radial points, but with set delta values of 
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+/- 0.1. The elementary effects were shown to give similar values to an approximation of the sensitivity, but many 
points were needed to get to a reasonable level of convergence. 

The purpose of this exercise was to assess the sensitivity of different wind parameters on the resulting loads of 
the wind turbine, to 1) rank the sensitivities of different parameters, 2) help establish error bars around predictions of 
engineering models during validation efforts, and 3) provide insight to probabilistic design methods and site-
suitability analyses. This study shows that the loads and power are highly sensitive to the shear and turbulence levels 
in the u-direction—and, to a lesser extent, the coherence parameters in the u-direction as well as veer. Items (2) and 
(3) are left for future work. 

The combinations of parameters in this study spanned the ranges of several different locations. However, the 
parameters were considered independent of one another, which likely resulted in non-physical wind scenarios. The 
screening analysis, though, has shown us which parameters are most important to examine in more detail in future 
work. 
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Appendix 
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Figure 2. Elementary effects for blade ultimate loads: mean (µi*) versus standard deviation (σi*). 
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Figure 3. Elementary effects for blade fatigue loads: mean (µi*) versus standard deviation (σi*). 
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Figure 4. Elementary effects for drivetrain ultimate loads: mean (µi*) versus standard deviation (σi*). 
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Figure 5. Elementary effects for drivetrain fatigue loads: mean (µi*) versus standard deviation (σi*). 
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Figure 6. Elementary effects for tower ultimate loads: mean (µi*) versus standard deviation (σi*). 
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Figure 7. Elementary effects for tower fatigue loads: mean (µi*) versus standard deviation (σi*). 
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Figure 8. Elementary effects for extreme electrical power: mean(µi
*) versus standard deviation (σi

*). 

BIN-1 BIN-2 BIN-3 
   

  
 

Figure 9. Elementary effects for standard deviation of electrical power: mean (µi*) versus standard deviation 
(σi*). 
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Figure 10. Elementary effects convergence for the top three sensitive parameters identified for ultimate 
blade-root pitching moment: mean (µi*) and sensitivity. 
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Figure 11. Elementary effects convergence for the top three sensitive parameter identified for rotor torque 
fatigue: mean (µi*) and sensitivity index. 
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